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Fast Control A Igoritm Based on Fuzzy Control
Tan YuanQ iang, W ang Fu-Long, LiLing-Li
(Faculty of Applied M athem atics Guangdong University of Technobgy Guangzhou 510006 China)

Abstract A fast control algorithm based on fizzy contro] can be used to shorten the heatng tine of dam estic gas

boilers The experin ent shows that the output tem perature can be restricted n an acceptable range and that the re-
sult of tem perature control is better

Key words fuzzy contw} control akorithm; damestic gas goiler
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R ecoverability Analysis of Sparse B lind Source Separation

W angH ua-dan Lu Hatlin
(Faculty of Applied M atham atics Guangdong University of Technolbgy Guangzhou 510006 China)

Abstract By adopting the method of sparse canponent analysig

it discusses the recoverab ility of underdetem ned
blind source separatbn based on sparse representaton.

It establishes the sufficient and necessary conditbns of

source’ s recoverab ility under F-nom. And it furher discusses the obustess of the [—nom solution to additive
no ise

Key words underdetermn ined m ixing blnd source separatbn  sparse representation £nom solution



